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a b s t r a c t

In 2010, the long form Decennial Census was not used for the first time in several decades, replaced
instead by the American Community Survey (ACS). While the ACS has been collecting data for more than
a decade, the first census tract results were released in 2010. The ACS collects its data based on a rolling
sample. It is purported to have many advantages over the Decennial Census, including frequently
updated data, less overall cost, and better coverage. We have found, however, that the ACS can produce
highly inaccurate data, in part because of reliance on extremely small samples in sparsely populated
neighborhoods. We explore these dynamics through a community survey which replicates ACS questions
while employing the old Decennial Census long form sampling strategy of requesting information from
one in six households in a single inner city census tract in Nashville, Tennessee. Our results show that the
ACS has grossly underestimated the total population and the number of people living in poverty in the
neighborhood, among other variables of interest. Through an examination of the number of census tracts
with very small sample sizes and a comparison of recent ACS results with the 2010 Decennial Census, we
show that the problems identified in this single tract occur throughout the country. In addition, we
consider how statistical profiles of neighborhoods derived from the ACS and other data sources enable
wide ranges of action in those neighborhoods, action which can be harmful given inaccurate and/or
decontextualized data.

� 2013 Elsevier Ltd. All rights reserved.
Introduction

From 1960 until the first decade of this century, the primary
source for information about neighborhood poverty in the United
States was data derived from the long form questionnaire of the
Decennial Census (DC). Recently, however, the US Census Bureau
has replaced the long form questionnaire of the Decennial Census
with the American Community Survey (ACS). Whereas the long
form was distributed once every ten years to one in six American
households, the ACS is distributed on a continuous basis to a much
smaller sample of households. The ACS gives researchers, policy
makers, and other stakeholders yearly updates about the United
States as well as individual states, regions, counties, and census
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tracts, data that was only available once every ten years using the
DC. By resolving certain problems with the Decennial Census, the
ACS is purported to yield higher quality data (Citro & Kalton, 2007;
Joice, 2012), but it also creates more uncertainty by using a much
smaller sample. Through a case study of a single inner city census
tract in Nashville, Tennessee, as well as a comparison of nation-
wide ACS and 2010 DC population estimates, we examine the
accuracy of the ACS and consider the implications such counting
and its inaccuracies have for high-poverty neighborhoods. We
then conclude with a broader discussion of what inaccuracies in
the calculation of the poverty rate mean as the concept is
employed as a calculation of territory that is deployed by multiple
actors in the public, private and nonprofit sectors to justify in-
terventions targeted towards neighborhoods classified as being
concentrated poverty areas.

Theory and background

The U.S. Census and American Community Survey are of signifi-
cant importance for geographical research. Both represent generally
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high quality datasets which cover the entire United States. While
nationally representative samples like the General Social Survey are
not uncommon in survey research, the DC and ACS are somewhat
unique in that they yield data atmultiple geographic units of analysis
including the nation, states, sub-state areas, counties, census tracts,
block groups, and blocks. Most surveys collect data from relatively
small samples, meaning that they often cannot be disaggregated for
analysis of small geographic units. In addition, DC and ACS data are
freely available to the public through libraries and the American
Factfinder website, the Bureau’s online portal for downloading data
(factfinder2.census.gov).

It is no surprise, then, that the combination of quality, coverage,
access, and geographic units of analysis has enticed geographers to
extensively use both the Decennial Census and the American
Community Survey. In this journal alone, researchers have pub-
lished nine articles that analyze ACS data, all since 2010. Demon-
strating the versatility of the ACS for research and policy purposes,
topics vary considerably, including social characteristics of people
and neighborhoods with limited access to grocery stores (McEntee
& Agyeman, 2010; Metcalf & Widener, 2011; Russell & Heidkamp,
2011), the migration of elderly people (Sharma, 2012), the clus-
tering of property code violations, crime, resulting urban blight,
and potential interventions (Frazier, Bagchi-Sen, & Knight, 2013;
Weaver & Bagchi-Sen, 2013), neighborhoods and populations
which are underserved by social service agencies (Case &
Hawthorne, 2013), inventorying local greenhouse gas emissions
in order to plan for mitigation strategies (Hillmer-Pegram, Howe,
Greenberg, & Yarnal, 2012), and the social and physical character-
istics of neighborhoods where children are at relatively high risk of
drowning (Dai, Zhang, Lynch, Miller, & Shakir, 2013). All but one of
these studies employed census tract data. Beyond this journal, DC
and ACS data have been used to analyze residential racial and
ethnic diversity and segregation patterns (Lukinbeal, Price, & Buell,
2012; Schafran & Wegmann, 2012), population shifts in New
Orleans after Hurricane Katrina (Zaninetti & Colten, 2012), social
vulnerability to disaster (Cutter, Boruff, & Shirley, 2003), and
homeownership patterns among racial and ethnic minority groups
(Brown & Webb, 2012), among a multitude of other uses. Many
other articles use the DC and ACS to develop detailed contextual
descriptions of their study sites, though such use is usually sup-
plemental to their core analyses. As the ACS is still relatively new,
we can likely expect its use by geographers and other researchers to
increase over time.

While the ACS has tremendous promise as a research tool,
questions around its accuracy, especially at small units of analysis,
are a problematic barrier for researchers and policy makers. One of
the core questions in geography is how things of all sortsdranging
from trees to rainfall to votes to income and povertydare spatially
distributed. One of the central concerns of the more human-
engaged geographic sub-disciplines is that natural, individual,
and social goods are unevenly distributed across different places,
and that such inequalities can be systematically linked with a range
of poor human and environmental outcomes and reduced well-
being (Brenner, 2011; Fainstein, 2011; Iveson, 2011; Marcuse,
2009; Pirie, 1983; Soja, 2010). Uneven development has been the
subject of much theorizing and empirical research at a variety of
geographic scales, including analysis of the global North-South
divide and country and regional level inequalities. In recent de-
cades, the study of spatial variation within cities and between
neighborhoods has become particularly important as geographers
have noted that neoliberalism and other politicaleeconomic pro-
cesses seemed to have coalesced around the city as the focal node of
action (Brenner & Theodore, 2002; Harvey, 2009; Smith, 1982).
While scale-specific methodologies and analyses are important,
examining the interconnections between all levels is equally crucial
for understanding all sorts of human processes (Harvey, 2006;
Jessop, Brenner, & Jones, 2008; Smith, 2008).

For the central concerns of urban studies and related disciplines,
small scale data is of critical importance. Many of our key questions
have to do with the tails of statistical distributions: who are the
very poor, the powerless, the unhealthy, and where do they live?
The larger our geographic units of analysis, the more people they
tend to include. Even if we count all the people in a large
geographic unit, aggregation of larger numbers of people into sin-
gle geographic units of analysis makes the extreme tailsdand the
people who inhabit themdincreasingly invisible. Two hundred
very poor people on a city block of 500 people will be very visible in
the median, mean, and standard deviation of income and poverty
statistics, but that same group included in the analysis of 10,000
wealthier people in a zip code or council district has little impact on
the relevant statistics for that unit. If geography as a discipline is
indeed concerned about spatial justice, uneven development, and
the people at the margins, then we need to be able to see and
describe the spaces they inhabit. Counting individual and group
disadvantage is not sufficient if the numbers attached to individual
responses are lost in the larger analysis; it must also be visible in
our representations of space, often through the use of compli-
mentary methods (Barnes, 2009; Barnes & Hannah, 2001; Carter,
2009; Crampton, 2011; Dorling, 1998; Moss, 1995; Philo, Mitchell,
& More, 1998; Rocheleau, 1995).
The politics of counting

In the United States, the Decennial Census has been a
constitutionally-mandated federal activity since independence.
Increasing in scope and complexity since the nineteenth century,
the Census today enumerates people and houses across multiple
categories. In addition, there are multiple other government-led
efforts to count people and things for a variety of purposes. Dur-
ing the 1960s, the DC began to be used to count the poor through
the creation of a poverty line that individualized the experience of
people constructed as the poor. O’Connor (2001) notes:

Most important in terms of the new poverty knowledge, the
official poverty line confined poverty to a problem of individu-
alsdmeasurable in the characteristics and traits of poor people
rather than in some more expansive index defined to include
measurable traitsdincome and wage distribution, unemploy-
ment ratesdof the political economy. In this sense the official
poverty line was itself an indicator of a larger, more problematic
development in social policy and research: the separation, in
economic as well as social knowledge, of the problem of poverty
from the problems of employment and growth with which the
“new” economists had started their inquiry.

p. 185

A parallel effort that accelerated throughout the twentieth
century was to locate the poor in space. The neighborhood effects
literature, founded in part on The Truly Disadvantaged: The Inner
City, the Underclass, and Public Policy (Wilson,1987), has since relied
on poverty rates that are typically associated with low-income,
minority neighborhoods (Small & Newman, 2001). The poverty
line and poverty rate may be thought of as techniques of govern-
ment, as cartographies of state-space: and the conduct of censuses
is a method used by the state to construct ‘truth’ by collecting and
calculating data to locate populations in place, to know about both
population and place, and to justify different modalities of action.

A census is a procedure for enumerating members of a given
population, classically used for purposes of taxation and, more
recently, for allocating representation in electoral systems. In the

http://factfinder2.census.gov
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modern age, governments have made use of censuses for a variety
of purposes, including distribution of various resources and pro-
grams. Regardless of their use, censuses involve classifications that
are made through acts of differentiation, that is, such counting
inherently says that there is mutual exclusivity distancing one unit
of analysis from the other. Counting and separating populations is
inherently political, as the process of creating legibility is typically
tied to broader efforts at administering and ordering groups of
people and the territories they occupy (Pavlovskaya & Bier, 2012).
Therefore censuses can be seen not only as justificatory of policy
actions but also as inherently disciplinary: the very act of counting
itself forces a certain discipline on the “unruly” subject, forcing him
to stand still, be counted, and be categorizeddto bodily encapsu-
late knowledge that is knowable and valuable to the person doing
the counting (Barnes & Hannah, 2001; Elden, 2007; Legg, 2005;
Philo, 2005; Pickles, 1995). Appadurai (1996), in referring to the
British colonization of India, states that

numbers regarding castes, villages, religious groups, yields,
distances, and wells were part of a language of policy debate, in
which their referential status quickly became far less important
than their discursive importance in supporting or subverting
various classificatory moves and the policy arguments based
upon them. It is important to note here that numbers permitted
comparison between different kinds of places and people that
were otherwise different, that they were concise ways of
conveying large bodies of information, and that they served as a
short form for capturing and appropriating otherwise recalci-
trant features of the social and human landscape.. This refer-
ential purpose was often not as important as the rhetorical
purpose. (p. 120)

While contextually different, Appadurai’s description of the use
of census data in India has import for understanding the ways in
U.S. urban policy has emerged to use (or sometimes ignore) census
data to permit the discursive construction of morally corrupt en-
vironments and people in need of interventions, particularly
around housing and poverty (Fraser, Oakley, & Bazuin, 2012;
Gordon, 2004, 2008; Jackson, 2008; Lang & Sohmer, 2000;
Nguyen, Rohe, & Cowan, 2012; O’Connor, 2001; Von Hoffman,
2000).

The production of territory through counting and calculation
reveals different forms of political organization and thought
(Crampton, 2011). The current emphasis on locating neighborhoods
of poverty is oftentimes deployed to argue for neoliberal policy
experiments aimed at creating place-based revitalization without
much attention to existing residents needs (Defilippis & Fraser,
2010). However, a number of community development programs
such as those funded by Community Development Block Grant are
distributed based on ACS poverty rates, among other factors (Joice,
2012). These government programs can promote “equal employ-
ment opportunity, and access to health care, education, and other
social services” (Pavlovskaya & Bier, 2012, p. 485). While many such
interventions may seem benevolent, others use data to justify
“redevelopment” of depressed or marginalized areas, which often
involves displacement of current residents to remake the neigh-
borhood with new buildings and new people. Neighborhoods with
low property values and filled with people with low incomes and
low levels of education are easy to identify as needing remediation
of both people and place. Statistics become more than just numeric
indicators; they become signposts for identifying opportunities in
places where people lack various forms of capital to ensure those
opportunities fill their own interests.

In summary, population counts invariably construct categories
to distinguish different groups of people. These are political acts
that have real consequences. Increasingly, population geography is
posing the following inquiries: “These concern the ‘objects’ of
enquiry (what is measured and why), the ‘methods’ of enquiry (the
type of data-set and analysis), and lastly the ‘output’ of enquiry
(how these results are used in policy as tools of governmentality)”
(Legg, 2005, p. 149). In the remainder of this paper we attend to the
second enquiry by examining how accurately the ACS measures
poverty, and we discuss what this may mean for census tracts in
cities across the country. Thenwe focus in on our case site, Chestnut
Hill, in order to make the case that indicators, like a neighborhood
poverty rate, matter in relation to other demographic variables and
to people’s lived experiences.
The American Community Survey

In 1996, the Census Bureau made the decision to begin tran-
sitioning to the American Community Survey as the primary source
about population characteristics relating to education, occupation,
income, and other variables. Since 1940, the long form census had
been distributed every ten years to one in six American households
(Rosenthal, 2000). The Census was first extensively distributed by
mail and supplemented where necessary by in-person enumera-
tors in 1960 (Rosenthal, 2000). For that initial run, postal response
rates were high, but they decreased subsequently to a low of 67% in
2000. Due to this decline, which disproportionately affected the
long form (Prewitt, 2004), and to placate a growing political storm
over privacy and the role of government in demanding potentially
sensitive private information of its citizens, Congress authorized
the American Community Survey to replace the long form
questionnaire.

The ACS differs from the long form in several important ways.
While the questions are largely the same or highly similar, and
Americans are required by law to complete both questionnaires if
they receive them, the similarities largely end there. The long form
DC questionnaire was distributed to one in six addresses in the
Postal Service’s Master Address File (MAF) and the short form
questionnaire was distributed to the rest on a ten year interval. The
ACS is distributed on a rolling monthly basis to a much smaller
sample from the MAF. Rules for defining residency also differs:
respondents are supposed to complete a single census form for all
residents of a housing unit on April 1 of a census year, but the ACS
lacks such a single reference date and therefore picks up season-
ality in senior citizens, migrant workers, and college students who
come and go from a place on a seasonal basis (Scardamalia, 2006;
Van Auken, Hammer, Voss, & Veroff, 2004, 2006). Finally, where
the Census is conducted initially by mail (accompanied since 2000
by intensive advertising) and then, for non-responding households,
by in-person enumeration, the ACS incorporates mailings followed
by an opportunity for telephone enumeration before resorting to
in-person enumeration. Starting in 2013, people have also been
allowed to respond online after receiving a mailing. As a result,
some of the data processing, weighting, and imputation that the
Census Bureau does differ for the two datasets (Fay, 2005; Starsinic,
2005).

The ACS uses a rolling sample design inwhichmonthly panels of
approximately 250,000 households are interviewed; the Census
Bureau estimates that every household in the country will be
sampled once every forty years or so, though there is a five year
minimum between participation and subsequent inclusion in the
sample (Alexander, 2002). The monthly panel results are combined
into to a year’s worth of data that is analyzed and released at the
national, state, and county geographies. Results are also combined
for three and five year rolling averages that are released at smaller
geographies down to the census tract, which average approxi-
mately 4000 residents. The Bureau oversample tracts where it



J.T. Bazuin, J.C. Fraser / Applied Geography 45 (2013) 292e302 295
anticipates low response rates and tracts with small populations
(Alexander, 2002; Citro & Kalton, 2007).

The transition away from the long form Census to the ACS has, at
least in principle, several advantages. First, it provides continually
updated estimates of the social characteristics of the American
population at relatively small geographies. While the Census Bu-
reau and a variety of private research and marketing organizations
conduct more frequent surveys of a wide range of demographic
characteristics, these estimates are usually only available for large
geographies and rarely provide coverage for the entire country.
Because the Decennial Census is, by definition, conducted once
every ten years, policy makers and researchers often find them-
selves working with clearly out-of-date data near the end of the ten
year cycle. Second, the ACS makes the confidence intervals and
margins of error clear (Sun & Wong, 2010), uncertainties that were
inherent but hidden in the long form census; the margins of error
and/or confidence intervals for the long form data have not been
publicly available in the Census Bureau’s official publications of
results on the Factfinder website. Third, because geographies are
tracked yearly, it will become easier to link changes in the de-
mographic characteristics of neighborhoods or states with specific
causal events. While the sequential Decennial Censuses can be
compared to detect change over time, it is extremely difficult to
attribute changes with specific events in the preceding ten years.
Fourth, the yearly nature of the ACS means that a permanent staff
can be mobilized for the task. The Decennial Census requires
hundreds of thousands of temporary enumerators who are mini-
mally trained. They often cannot answer respondents’ questions
accurately, and some have fraudulently fabricated data rather than
collect it from real people. A permanent staff means that the ACS
can be fielded by people who are well trained to answer questions,
to collect complete and accurate data, and to get to know neigh-
borhoods for effective outreach there.

Quality of the ACS
The Census Bureau has commissioned multiple case studies

examining how closely early iterations of the ACS tracked with the
2000 Decennial Census. On a national level, statistically significant
differences have been found between three year ACS averages and
the 2000 Census on variables such as foreign origin, ancestry, and
language spoken at home, though the meaningfulness of these
differences is disputable (Raglin, Leslie, & Griffin, 2003). In San
Francisco and Tulare County in California, county-wide ACS results
were generally very close to the DC, though there were differences
for age distribution, racial groups, household relationships and
types, disability, house occupancy, and other variables. At smaller
geographies, however, the ACS differed significantly in more vari-
ables (Gage, 2006). Similar patterns were found in Portland (Hough
& Swanson, 2004, 2006), the Bronx (Salvo & Lobo, 2006; Salvo,
Lobo, & Calabrese, 2000), Wisconsin, and Montana (Van Auken
et al., 2004). In Portland, of 10 poverty-related measures, the ACS
and DC were similar on seven at the county level (Hough &
Swanson, 2006). In the Bronx, “for 18 of the borough’s 88 neigh-
borhoods, there were statistically significant differences” on
measured poverty among unrelated individuals 15 years old and
older (Salvo et al., 2000, p. 12). Nonetheless, the ACS is thought to
provide higher quality data than the Census because it provides a
better non-response follow-upmechanism and because, as a result,
the overall item non-response level was lower (Gage, 2006; Salvo &
Lobo, 2006; Salvo, Lobo, & Love, 2003; Scardamalia, 2006). There is
recognition that the ACS can report data with sufficiently wide
margins of error that they are useless for geographic units with
small samples (Tersine & Starsinic, 2007), but there appears to be
no attempt to define a sample size that might be too small or a
margin of error that is too big. However, we must recognize we
cannot say which is wrong, the ACS or the Census, when there are
statistically significant differences between the two (Gage, 2006).

Accuracy of censuses generally
It is well recognized that the Decennial Census undercounts

African American, Hispanic, Native American, and other ethnic or
racial minority populations. It has done so for many years, not least
in the pre-civil war era when slaves were infamously counted as
three fifths of a person, More recent undercounts have been less
intentional, based on differential response rates and census pene-
tration (Alterman, 1969; Anderson & Fienberg, 1999, 2000; Brown
et al., 1999; Prewitt, 2000, 2010; Rosenthal, 2000). Since the 1990
Census, the Bureau has attempted to correct for these undercount
by adjusting the final figures based on a sample completed after the
Census itself, an approach that was highly controversial and has
becomemired in politics (Anderson & Fienberg, 1999, 2000; Billard,
2000; Brown et al., 1999; Brunell, 2000; Hogan, 1993; Mulry &
Spencer, 1993; Prewitt, 2000, 2010). Imputation methods are also
used to complete missing data points (Ronzio, 2009).

While undercounts have been shrinking steadily over the years
thanks to improved quality control, new technology, and techniques
like revisiting houses initially listed as vacant, the Census has never
been able to count everyone, and poorer people andminorities have
been counted at a lower rate than others (Ronzio, 2009; Rosenthal,
2000). Irregular or complex housing arrangements that are con-
cealed from the postal service and Census Bureau can lead tomissed
households or individuals (Couper, Mathiowetz, & Singer, 1995).
This occurs more often in poor and high minority neighborhoods
where enumerators may incorrectly count as vacant or abandoned
rundown buildings that were actually occupied because of the
enumerator’s perceptions of threats to their safety in the neigh-
borhood (de la Puente, 1995). People involved in criminal activity
can be reluctant to dealwith agents of the government, even though
the Census Bureau provides guarantees of confidentiality. Similarly,
people receiving government assistance, earners concealing income
from the government to avoid taxes, undocumented immigrants,
and people exceeding occupancy limits for their housing are all
reluctant to give information to the government for fear that
disclosure of their true situation may jeopardize their economic
situation. Language and literacy barriers are obstacles for Census
completion, but the problem has been successfully managed in
others with the use of culturally sensitive and linguistically capable
enumerators (Iversen, Furstenberg, & Belzer, 1999). There are also
increasing levels of suspicion and resentment around both the DC
and ACS. Concerns over privacy and confidentiality also affect
Census and ACS participation, with people who trust the govern-
ment less to keep their responses private and confidential and
people who just believe that the government has no right to those
data, responding at lower rates and with less accurate data than
people without those concerns (Martin, 2006, 2007; Mayer, 2002;
Prewitt, 2004; Singer, Mathiowetz, & Couper, 1993; Singer, Van
Hoewyk, & Neugebauer, 2003). Given these sources of inaccuracy,
Census and ACS data must be treated with caution, with an eye to
the context of the neighborhoods they purport to describe and how
the social and economic context of those neighborhoods may affect
responses to data collection.

Methods

The context: Chestnut Hill

Since 2010, our research group has been involved in a long-term
partnership with several nonprofits and community groups in a
South Nashville neighborhood that has become known as Chestnut
Hill. Located about a kilometer from downtown and the central
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business district, the neighborhood is entirely confined to Davidson
County’s Census Tract 160 (see Fig. 1). Currently, the tract’s
boundaries are defined by a busy road to the northeast (across
which is the largest concentration of public housing in Nashville),
an interstate on the northwest between the neighborhood and
downtown, railway tracks on the southwest, and a flood-prone
creek and small private university on the east. Prior to the 1960s,
the neighborhood was densely populated, home to several
marginalized populations: middle class African Americans and a
wide variety of poor and working class people. In the middle of the
last century, that composition began to change. Access to the new
interstate meant that the city increasingly zoned parts of the
neighborhood for warehouse and light industrial uses. Coupled
with widely available personal automobiles and the opening of the
suburbs, Chestnut Hill started to bleed residents. From a high of
over 5000 people, the neighborhood is today home to fewer than
1000. The residents tend to fall into three broad categories. First,
there are a small group of African-American homeowners who
have lived in the neighborhood for a long time. They are older, often
elderly, and have limited incomes. Second, there is a smaller but
growing group of Caucasian “urban pioneers” who have purchased
houses to refurbish in the neighborhood, have purchased one of the
small number of new houses built by enterprising real estate de-
velopers, or find affordable rental homes in the neighborhood.
Fig. 1. Chestnut Hill in N
Finally, the largest group is made of very low income renters, a
majority of whom are African American, though other races and
ethnicities are also present. They inhabit a large number of poorly
maintained rental homes, often priced relatively high for the
neighborhood and material condition but free of security deposits,
formal leases, credit checks, or other qualifications; the neighbor-
hood contains a significant portion of Nashville’s “housing of last
resort.”

We routinely use census data when providing data and research
support for community development initiatives, so as we started
working in Chestnut Hill in 2010, we eagerly anticipated the release
of the first five year American Community Survey tract-level esti-
mates to update many of the social and economic characteristics
that had been available from the 2000 Decennial Census. Whenwe
obtained the data, we were surprised to see that several ACS in-
dicators had changed substantially from the previous Decennial
Census results (see Table 1 for complete details). In particular, the
poverty rate had dropped from 48% in 2000 to 9% for the 2004e
2009 period, well below the county-wide rate of 15%. We knew
from our experience working in the neighborhood that the real
poverty rate was much higher than 9% and that the rate could not
have possible have changed so drastically in nine years. This and
other indicators made us suspicious that the ACS results for this
particular census tract are wrong.
ashville, Tennessee.



Table 1
Decennial Census, American Community Survey, and author survey results.

2000 DC 2005e2009 ACS 2006e2010 ACS 2010 DC 2007e2011 ACS 2011 Author survey

Count Count 90% MOE Count 90% MOE Count Count 90% MOE Count 90% MOE

Total population 1235 780 �214 494 �133 874b,c 506 �135 791b,c �187
Female 42.3% 54.4% �9% 58.5% �10.5% 51.1% 57.7% �12.3% 55.9% �8.1%
Younger than 18yo 18.6% 20.4% �9.5% 1.8% �3.2% 21.1%b,c 1.6% �2.1% 19.6%b,c �6.5%
65yo and older 12.9% 20.2% �8.7% 43.9% �14.0% 10.0%b,c 36.0% �12.8% 12.8%b,c �5.4%
One race: All 99.1% 100.0% �4.7% 100.0% �7.3% 97.7% 100% �7.1% 98.1% �2.2%
One race: White 24.4% 5.9% �10.1% 6.7% �13.1% 12.4%c 6.5% �5.6% 23.8%a,b,c �7.0%
One race: African American 72.4% 94.1% �10.1% 93.3% �13.1% 80.5%a,b,c 91.9% �6.6% 75.2%a,b,c �7.1%
One race: American Indian 0.2% 0.0% �4.7% 0.0% �7.3% 0.3% 1.6% �3.6% 0.0%
One race: Asian 0.0% 0.0% �4.7% 0.0% �7.3% 0.0% 0.0% �7.1% 1.0% �1.6%
One race: Hawaiian/Pacific Islander 0.0% 0.0% �4.7% 0.0% �7.3% 0.0% 0.0% �7.1% 0.0%
Two or more races 0.9% 0.0% �4.7% 0.0% �7.3% 2.3% 0.0% �7.1% 1.9% �2.4%
Hispanic 3.5% 5.9% �10.1% 6.7% �13.1% 4.1% 0.0% �7.1% 1.9% �2.4%

Educational attainment (for population 25 years old or older)
Grades 1e8 14.7% 12.9% �10.5% 6.1% �9.3% 7.5% �9.0% 6.3% �8.9%
Grades 9e12, No diploma 38.8% 22.3% �10.4% 11.9% �9.9% 9.5% �7.6% 26.6%b,c �9.2%
HS Diploma, GED 29.7% 39.9% �12.4% 40.7% �12.6% 40.6% �11.5% 23.4%a,b,c �8.3%
Some college, no degree 12.7% 18.5% �10.2% 26.7% �11.2% 33.9% �13.0% 23.4%b,c �5.0%
Associates degree 1.9% 4.2% �6.8% 7.0% �8.2% 4.0% �6.2% 6.3% �4.4%
Bachelor’s degree 1.6% 2.2% �5.3% 7.6% �9.1% 4.5% �6.1% 4.7% �4.4%
Advanced degree 0.6% 0.0% �6.7% 0.0% �8.1% 0.0% �8.9% 9.4%a,b,c �3.6%

Income
Median household income $12,686 $17,188 �8446 $14,107 �8601 $13,679 �2581 $15,575 �7032
Individuals living under the poverty line 48.4% 9.0% �7.3% 20.2% �13.3% 29.2% �17.8 54.9%a,b,c �8.4%
Housing receiving Supplemental Nutrition

Assistance Program benefits
55.6% �21.7% 35.9% �18.4% 50.3% �18.8 51.9% �11.4%

Housing
Total units 541 462 �66 431 �68 459 412 �73 462 �24
Vacant 15.2% 27.9% �13.2% 27.6% �13.6% 18.5% 28.2% �14.2 18.5% �5.1%
Renter occupied 70.8% 50.8% �19.1% 49.7% �18.6% 70.3%a,b 59.1% �17.2 72.2%a,b �9.8%
Average household size 2.19 2.34 �0.57 1.58 �0.28 2.27b,c 1.59 �0.28 2.10b,c �0.28
Population in different home one year ago 15.3% �13.4% 19.2% �11.8% 32.4% �14.4% 26.0% �7.2%
No vehicles available 40.3% 34.2% �19.0% 40.1% �18.8% 44.6% �17.9% 49.1% �10.9%

Sample sizes
Chestnut Hill
Unweighted sample countdpeople 178 38 30 44 107
Unweighted sample countdhousing units 73 26 26 33 56
All tracts in USA, where
Fewer than 50 people were numerated 0.7% 1.2% 0.5% 0.4%
Fewer than 50 houses were enumerated 2.0% 5.4% 4.5% 3.8%
Fewer than 100 people were enumerated 1.5% 4.2% 3.3% 2.4%
Fewer than 100 houses were enumerated 6.5% 25.7% 31.9% 31.4%

a Statistic falls outside of the MOE for the 2005e2009 ACS.
b Statistic falls outside of the MOE for the 2006e2010 ACS.
c Statistic falls outside of the MOE for the 2007e2011 ACS.
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Case study methods

Because of the inconsistencies between the published ACS re-
sults and our own grounded knowledge, we set out to do our own
community survey in Chestnut Hill. We had two goals for the effort.
First, we wanted to generate a neighborhood profile which would
hopefully more accurately describe conditions in Chestnut Hill, not
least because inaccurate ACS numbers could mean that residents
would not be able to access important services and the neighbor-
hood would be ineligible for some public and private grant pro-
grams. Second, we wanted to gain some insight into how the ACS
had managed to go so wrong, with an eye to effectively communi-
cating the ACS’s limitations to residents, government bureaucrats,
policy makers, nonprofit agencies, and other users of ACS data.
Because large portions of the questionnaire were simply not rele-
vant to our work, we reduced the number of questions to focus on
housing and socioeconomic conditions in the neighborhood. We
also added a small number of additional questions related to health
status and neighborhood services at the request of our community
partners.Where we included questions from the ACS, we replicated
the wording exactly. Expecting some resistance to questions about
income, we developed a categorical response option with rather
narrowcategories to enable people to somewhat obscure their exact
income. Respondents were only offered this response option after
they declined to provide their exact income. Because we were
particularly interested in poverty status as opposed to income, this
seemed like a satisfactory trade off to get more complete data.
Because of the option to answer the income question using a cate-
gorical response, the median household income we report, which
wecalculated by taking themidpoint of the category the respondent
chose, is not directly comparable to the income statistics reported
by the Census Bureau. However, in no casewhere a household chose
to report a categorical income did that income fall ambiguously
above or below the poverty line figures established for 2011 by the
Census Bureau (United States Census Bureau, 2011); as such, we are
able to confidently estimate poverty levels in the neighborhood.

Though we replicated many of the questions from the American
Community Survey, we recognized that we needed to collect a
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larger sample than the ACS did. In Chestnut Hill, the ACS collected
data from 38 people in 18 households for the 2005e2009 period.
We chose to use the general approach employed by the DC long
form, contacting one out of every six homes in the neighborhood.
We obtained a list of all the residential units in the neighborhood
from city authorities. We sent letters to all the addresses, stating
the nature and purpose of our study and telling residents to expect
that an enumerator would knock on their door on specific dates.
Starting with a random unit, we systematically numbered each
house in the neighborhood from one to six. On two Saturdays in the
fall of 2011, we sent groups of students out into the neighborhood
with lists of addresses. They were instructed to knock on the first
door on their list, which was a “number one” house or apartment
unit. If they observed that the house was abandoned or vacant, or if
no one was home or the person answering the door refused to
respond, they were instructed to move on to the “number two”
house, which was usually located directly beside the nonrespon-
dent, a pattern that was repeated for a cluster of six houses. If a
respondent was interested in participating, the students informed
them of the nature and purpose of the study and gave an assurance
of confidentiality. They also gave the person an informational sheet
which repeated much of this information and listed several ways in
which to contact the research team; the sheet had been approved
by our Institutional Review Board. Once this consent process was
complete, the students administered the questionnaire. If re-
spondents did not understand a question, we equipped the teams
with a glossary with common terms to ensure they clarified the
wording in a consistent way. Once the interview was complete, the
team then moved on to the next cluster of six homes.

National comparison

People who are proficient in statistics, sampling, and inference
will know that having incorrect estimates for some of the 74,000
census tracts in the United States are to be expected and that one
tract being wrong is nothing particularly noteworthy. Indeed, by
definition, 10% of census tracts will have “true” statistics that fall
outside of the 90% confidence intervals of data generated by a
statistical sample. Therefore, we supplement our case study with a
brief examination of the ACS as implemented in census tracts
across the country. To do so, we downloaded data for all US census
tracts from the National Historic Geographic Information System
(Minnesota Population Center, 2011). We then compared the 2010
Decennial Census results to the 2006e2010 and 2007e2011 ACS
using the ACS’s published margins of errors to calculate boundaries
for 90% confidence intervals. ACS data for the period 2005e2009
was published using the 2000 tract boundaries and therefore is of
limited use to compare to the 2010 Decennial.

Results

Case study

Even before considering our survey, there are remarkable in-
consistencies between sequential ACS releases themselves and be-
tween theACSand the2010DC inChestnutHill. Fromthe2009 to the
2010ACS releases, the population estimate for the tract decreases by
over a third. The 2009 estimate is itself a third lower than the 2000
Decennial count. While the neighborhood has seen a steady
decrease in population since at least 1960, the magnitude of this
change in a single year (recall that for each sequential ACS release,
the oldest year of data is dropped while a new one is added) is not
reasonable, barring some sort of disaster or massive redevelopment
of the neighborhood, neither of which occurred. The 2011 ACS has a
population estimatewhich is largely unchanged from2010, but both
miss more than 350 people compared to the 2010 DC (or more than
40%of the neighborhood’s total population, using the 2010DC result
as the denominator). Part of the ACS’s undercount is likely related to
its overestimating the number of vacant housing units in the
neighborhood and a drastic underestimation of the average house-
hold size. While the 2010 Decennial vacancy rate is on the lower
bound of the ACS’s confidence intervals, it is about 10% different.
However, the average household size recorded in the 2010 DC is
highly different than the 2010 and 2011 ACS estimates.

Our own results, which are not weighted in any way, show
similar patterns compared with the ACS. We conducted interviews
in 53 households representing 107 individuals. The results,
including confidence intervals, are in Table 1, which also contains
Decennial Census and ACS results for reference. The results from
our survey show that the ACS has incorrectly counted the number
of people, the racial distribution of the population, the age distri-
bution of the population, educational attainment, the number of
people living in poverty, and the number of homes that are occu-
pied by renters. Some of the errors are extremely large, especially
the poverty rate, which is six times that measured by the 2009 ACS
and nearly double that of the 2011 ACS. Clearly the ACS presents an
inaccurate view of the neighborhood.

A closer look at the ACS’s profile of the people living in the
neighborhood shows how it might have got things wrong. The ACS
is basing its estimates on an unrepresentative sample of re-
spondents in the neighborhood. The 2010 and 2011 ACS results
indicate that fewer than 2% of the neighborhood’s occupants are
children, though the 2010 DC says that about 20% are, consistent
with our own estimates. Similarly, the ACS overestimates the
number of senior citizens living in the neighborhood, reporting that
nearly half of residents were aged 65 and older in 2010 and a third
in 2011. Themost recent Census reports that seniors make up 10% of
the population, which is close to our own estimates. The ACS also
overestimates the number of African Americans in the neighbor-
hood while underestimating the number of Caucasian people.
Likewise, the ACS overestimates the number of homeowners in the
neighborhood. Clearly, the people fromwhom the ACS is collecting
data are disproportionately elderly African American homeowners
who have no children in their households. There are a substantial
number of people fitting this profile in Chestnut Hill, but the 2010
Decennial Census and our own experience in the neighborhood
show they are not as common as the ACS makes them out to be. It is
precisely this population, given that most of them are retired,
which is most likely to be home during the day when enumerators
knock. They are also more likely to have publicly listed landline
telephones for telephone enumeration. In our own sample, the
average age of the oldest person in a household with landlines was
52.3 years compared with 47.7 for people with only mobile phones
or no phones; 64.3% of homeowners had landlines compared with
28.9% of renters (all differences statistically significant at p < .05).

National

There is some evidence that the inaccuracy of the ACS is not a
problem restricted to a single neighborhood in Nashville. To
analyze the potential scope of such a problem, we have examined
ACS and 2010 DC data from every census tract in the United States.
There are substantial differences, but we should expect some. ACS
data is collected over five years, whereas Decennial Census data is
supposed to count people on April 1 each decade. There should be
differences between the ACS and DC as people have children, move,
and die in the interval covered by the ACS, but the comparison is
problematic. Notwithstanding these challenges, our comparison is
illuminating. The ACS publishesmargins of error corresponding to a
90% confidence interval. We therefore should expect that 10% of



Table 2
Number of census tracts in which ACS data under- and over-estimates compared
with 2010 Decennial Census data.

Variable 2006e2010 ACS 2007e2011 ACS

Under Over Under Over

Total population 17.2% 8.5% 13.1% 8.1%
Median age 13.1% 6.8% 10.1% 7.6%
One race: White 13.2% 12.5% 10.3% 13.0%
One race: African American 17.6% 3.3% 19.0% 3.4%
One race: Native American

or American Indian
7.6% 0.8% 9.4% 0.7%

One race: Asian 12.5% 2.1% 13.6% 2.3%
One race: Hawaiian or Pacific Islander 0.7% 0.2% 0.9% 0.2%
One race: Other 21.9% 3.6% 25.7% 3.1%
Two or more races 25.9% 2.4% 25.9% 2.8%
Hispanic 20.8% 2.7% 19.4% 3.2%
Total housing units 20.0% 16.2% 15.2% 15.7%
Occupied housing units 18.4% 9.3% 15.2% 8.4%
Vacant housing units 11.1% 9.3% 9.8% 10.0%
Owner occupied housing units 10.1% 10.2% 9.2% 8.2%
Renter occupied housing units 20.3% 4.0% 16.9% 4.2%

NB: There is some controversy in statistical circles about the use of inferential sta-
tistics and tests of significance when analyzing the whole population of something
as opposed to a sample of a larger population. Here, we are analyzing the whole
population of US census tracts. In one interpretation, descriptive statistics are all
that is necessary in this case, and tests of statistical significance are mistakenly
equated with meaningfulness. In another, every population can be conceptualized
as a sample from a “superpopulation” for which inference is appropriate (Gelman,
2008). While we take no position on the controversy itself, we note that all differ-
ences here are statistically significant from the expected 10% of tracts (5% under and
5% over) except for the Native American racial category, calculated using one sample
t-tests.
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tracts have estimates where the true value falls outside of the
confidence interval for the variable in interest. However, for nearly
26% of these tracts in the 2006e2010 ACS and more than 21% of the
2007e2011 ACS, the Decennial Census’s population count fell
outside of the ACS’s 90% confidence interval; for the housing unit
count, DC counts are outside of ACS counts for 36% and 31% of
tracts. Differences are particularly acute for the ACS’s counting of
Caucasians, African Americans, Hispanics, and rental housing (see
Table 2).

There is some tentative evidence that these differences are not
due to different time frames. The Census Bureau has examined
differences between the 2010 ACS single year estimates and the
2010 Census counts at the national and state levels. Differences due
to differing time frames should be minimized in this case. However,
the Bureau found that the ACS slightly overestimates the total
number of housing units and household size and grossly over-
estimates vacancy (Griffin, 2011). The distribution of tract-level
misestimates gives additional clues. The ACS appears to systemat-
ically underestimate the population: of the 26% of tracts where the
2006e2010 ACS and 2010 DC population counts are substantially
different, the ACS underestimates the population in 17% of them
and overestimates in 9%. For the 2007e2011 ACS, the ACS un-
derestimates in 13% of tracts and overestimates in 8%. If the dif-
ferences between the ACS and DC were due to some non-
systematic problem, we should expect a roughly even number of
under- and over-estimated tracts. That the number of under-
estimated tracts reduces each year likely reflects that a substantial
number of the “incorrect” estimates in the comparison are attrib-
utable to population growth in the intervening months between
different enumerations. However, the relatively constant over-
estimate hints that there may indeed be an additional substantial
number of tracts where the ACS estimates are just wrong. The
availability of 2008e2012 ACS data, for which 2010 represents the
median year and which should most closely match 2010 Decennial
data assuming roughly linear trends in most tracts, will further
clarify the situation.
Discussion

The ACS is not necessarily doomed to provide bad data in places
like Chestnut Hill where good data is essential for providing sup-
portive services. There are a variety of technical fixes that could be
implemented to enhance its accuracy. First, the ACS should further
increase the sample size used in small census tracts, perhaps paying
for the additional expense by slightly reducing the number of
people enumerated in very large tracts, where decreases in abso-
lute numbers have less effect on confidence interval width than
they do in very small tracts. There are already signs that this is
occurring, as the number of tracts in which fewer than 50 people
are enumerated has been decreasing for each subsequent wave of
the ACS such that there are now fewer such tracts in the 2007e2011
ACS than there were in the 2000 DC long form sample (see Table 1;
additional details on oversampling in Citro & Kalton, 2007).

The Census Bureau must also better communicate the un-
certainties involved in the ACS. The publication of margins of error
(MOEs) is a significant step forward in this regard, but general
audiences are unlikely to know what MOEs mean or how they
should be employed. We suggest that the Bureau create some sort
of flag and cautionary explanation whenever someone accesses
data from the Factfinder website when the sample size for that
particular geography falls under a certain critical level. The sample
size could also be reported as part of the standard output for any
data point. Already, we have seen instances where Factfinder does
not display some data derived fromvery small samples, but none of
the Chestnut Hill data was so embargoed. The Bureau might also
consider systematically comparing sequential ACS datasets and
relevant DC data in a manner similar to ours here. If the results are
highly divergent for any particular data point, the Bureau could
again flag relevant output as being suspect.

In addition, the ACS must rethink its reliance on telephone
interviewing as an enumeration method. The ACS first tries to
contact a household chosen for inclusion in the ACS sample several
times by mail, then by telephone, and then in person. Assuming
that the Census Bureau has access to the same public information
about telephone numbers that the rest of us do, they are only able
to target homes with publicly-listed landline telephones using this
method. Younger, poorer, and renter residents aremuchmore likely
to have mobile phones which are not listed in telephone di-
rectories. Very poor households are also far more likely to have
interruptions in service and changes of number due to an inability
to consistently pay bills or buy credit. Because of the reliance on
telephone interviewing and uneven prevalence of listed telephone
numbers across different demographics, the Census Bureau risks
introducing non-sampling error into its data in neighborhoods like
Chestnut Hill.

Finally, the Census Bureau could do a better job convincing
people why it is important that they submit their data for the ACS.
Neighborhood residents were very receptive to our enumerators
whenwe explained in detail the aims of our research project. While
we do not underestimate the difference it makes when a private
organization asks for potentially sensitive personal information
versus the government’s demand for that information, people were
generally quite supportive when we outlined exactly how the data
we collected could benefit the neighborhood. Communicating the
usefulness of the ACS in contextually specific and relevant ways,
highlighting how the neighborhood has benefitted in the past and
could benefit in the future from programs which use such data,
could be effective in encouraging participation. After the end of our
project, we hosted a community luncheon at a local church to
report back our results; this sort of transparency and feedback can
also be quite useful in enhancing community acceptance of pro-
grams like the ACS.
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In the absence of a substantial increase in ACS quality, some
organizationsdincluding the National Research Council (Citro &
Kalton, 2007; Cork, 2013)drecommend that local governments
that use ACS data to allocate resources aggregate census tracts
together to form larger planning districts. Such recommendations
are, however, notably absent from a recent article discussing ACS
data use in Community Development Block Grant funds in City-
scape, a journal published by the Department of Housing and Urban
Development (see Joice, 2012). Regardless, we think this approach
is problematic. It is common in urban areas for very different
neighborhoods to be in close proximity to each other. For example,
Chestnut Hill is close to census tracts that are significantly lower on
measures of poverty, including a rapidly gentrifying downtown and
neighborhoods on the edge of our own university. It is also very
near a large concentration of public housing, where residents are
poor but arguably more secure in the sense that their housing is
subsidized and they are consistently offered a variety of supportive
services through the public housing authority and related partners.
Combining Chestnut Hill with the public housing community will
obscure unique needs in each neighborhood, but it will have amore
profound effect in hiding CH’s unique circumstances simply
because the public housing neighborhood has several thousand
more people. Combining CH’s (incorrectly measured) low poverty
rate with the higher rate of the public housing community lowers
the overall neighborhood poverty rate such that even the public
housing area may no longer qualify for important programs.1 Dif-
ficulties like these in combining census tracts into larger neigh-
borhoods could apply to any urban area across the country. Thus,
aggregating census tracts to overcome issues with unreliable
sample statistics is not a suitable solution in situations where
diverse neighborhoods are located alongside each other.

Because of the ACS’s significant quality problems, ACS-driven
policy making and service programming is problematic. Despite
recommendations to aggregate tracts into larger neighborhoods,
Nashville’s 2013e2018 CDBG Consolidated Plan still uses individual
tracts to define geographic priority areas for CDBG spending
(Metropolitan Development and Housing Authority, 2013). We
suspect many other cities still use tracts for planning and resource
allocation. Fortuitously perhaps, Chestnut Hill is still identified as a
high priority area in the Nashville plan despite the low reported
poverty rate, likely because the document prioritized neighbor-
hoods where at least 65% of the population is at or below 80% of the
area median income (AMI). AMIs are based on an entire metro-
politan statistical area (MSA) rather than a single city or county; the
AMI for the Nashville-Davidson-Franklin-Murfreesboro MSA for
2013 was about $64,000 for a four person household (the figure is
adjusted for household size), meaning that to qualify as a high
priority area, at least 65% of households in Chestnut Hill had to
make $51,000 or less (Department of Housing and Urban
Development, 2013), which is a relatively easy bar to overcome,
given that median household income in all of Nashville (Davidson
County) is only $43,600 (2011 ACS 1-year county estimate). This
1 We do not yetdand hopefully never willdhave concrete examples of Chestnut
Hill being denied access to programs geared toward low income neighborhoods
because of these inaccurate data. However, we know of another neighborhood in
Nashville where similar circumstances have caused programs to end. The rede-
velopment of a large public housing complex into a mixed income community
caused the neighborhood income level to rise and the poverty rate to fall. As a
result, a career training agency had to close its neighborhood office because the
grant funds tied to the office only supported neighborhoods where the median
household income was lower than that found in the newmixed income community
(Bazuin, Oakley, & Fraser, 2013). In this case, the underlying data supporting that
decision were not wrong, but they were applied in such a way that a significant
number of highly vulnerable households were denied access to local programs
because of neighborhood statistics.
policy document provides clues to one technique for dealing with
uncertain ACS data: use of multiple data points to look at important
questions. Questions around poverty and economic development
need not only be answered through the number of households
living below the poverty line. The ACS provides for multiple ave-
nues for creating a profile of a neighborhood. While its data is often
interconnected such that errors in one variable affect calculations
of other variables or oversampling of one demographic group
skews all data, looking at the distribution of neighborhood income
compared with the AMI and similar approaches may sufficiently
contextualize any specific questionable result to enable planning
based on empirical analyses.

Nonetheless, there are still many grant applications that ask
applicants to describe neighborhoods targeted for interventions
using census or ACS data.2 Chestnut Hill is a situation where the
ACS deeply underestimates the poverty rate, but there are likely to
be areas where the poverty rate is drastically overestimated as well.
High rates are oftentimes used to support discourses of blight and
pathology. These designations have had a long history as being
associated with urban renewal programs that typically displace
low-income, minority residents from their homes. Prior to the
release of the 2009 ACS results, for example, a consortium of gov-
ernment and housing profits applied to the U.S. Department of
Housing and Urban Development (HUD) for Neighborhood Stabi-
lization Program (NSP) funds to be used to assist neighborhoods
with high foreclosure or vacancy rates (Nashville NSP Consortium,
2009). In their application, United States Postal Service (USPS) data
were used to highlight that Chestnut Hill, one of the target neigh-
borhoods, had a 22% vacancy rate compared to Nashville’s overall
2% rate. Likewise 2000 Census and ACS data were deployed to
indicate that only 29% of the homes in the neighborhood were
owner-occupied, and there was a 13% unemployment rate.

The consortium’s description and enumeration of Chestnut Hill
was not only referential but also importantly rhetorical (drawing on
Appadurai, 1996):

This single census tract in South Nashville is a distinct neigh-
borhood with unique geographic and social factors that have led
to its decline. It is characterized by a high level of vacancy and
neighborhood blight. Historically this neighborhood was
anchored in homeownership with tidy clapboard cottages and
well tended gardens within view of downtown Nashville. Today
this South Nashville community has lost its way. The property of
elderly owners has slowly givenway to blighted and abandoned
housing that are magnets for crime. Those residents that remain
often live in fear and isolation..[The neighborhood’s] distinct
character, proximity to the central business district, and
manageable size create a remarkable opportunity for trans-
formation and reconnection to the fabric of the greater
community.

Nashville NSP Consortium, 2009, p. 3
2 In 2010, we helped a community organization submit such a proposal to a
private funder for a community garden. We were faced with a difficult dilemma:
show them old data from 2000 which defined the neighborhood as high poverty, or
more recent data which showed very low poverty rates (we had not yet completed
this project at the time). We chose the former, along with an explanatory footnote
about why we were using older data to justify the intervention. The application was
not successful. There are many reasons why the application might have been de-
nied, but it is easy for evaluators to reject applications in a first round review
because they did not meet basic requirements about information which must be
included in the proposal. Given our general lack of confidence in the ACS, there are
no easy ways around this problem, short of educating organizations and chal-
lenging their criteria on a case-by-case basis.
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Such figuresmaymean blight and a dysfunctional neighborhood
to some. However, there are alternate narratives that can also
correspond with ACS results or other statistics. Our poverty rate
estimate of 55% and the fact that 72% of the households in the
neighborhood are renter-occupied suggests that Chestnut Hill has
been an important place for very low-income people to find a
home. Indeed, there are few other neighborhoods where deeply
impoverished households can find housing in the city. Decontex-
tualized statistics support a diagnosis of blight and treatment plan
of a massive housing redevelopment project that is ultimately
inaccessible to many of the existing neighborhood residents and
will likely result in some of them being displaced through gentri-
fication. The rhetoric of neighborhood decline and blight, which
were directly attributed to statistics of low homeownership, high
unemployment, and poverty, have framed Chestnut Hill in such a
manner as to make the NSP activities meaningful and legible.

Now that it is more difficult to define Chestnut Hill as blighted
using the shorthand of a high poverty rate, a different situation
arises. State resources for areas with high levels of poverty are
allocated based upon census data. If the ACS is inaccurate, then
needed resources will possibly be diverted to other neighborhoods,
and residents of Chestnut Hill may no longer have access to
important resources to support their development andwellbeing. A
low poverty rate alsomarks Chestnut Hill as a safer place for private
investment than it was when it had a high ratedthough many
other neighborhood statistics such as crime and vacant housing
rates would still cause many investors to pausedsomething which
may spur gentrification. Either way, decontextualized statistics are
a threat to a neighborhood where people who have little access to
the levers of power have found places to live and flourish. A focus
on howmany people live below an abstract poverty line ignores too
much of the lived experience of the community. Yes, people
recognize the poverty that exists there, but our interactions with
them over the course of this project showed that many were
satisfied with living in the neighborhood. They wanted improve-
ments, but they did not want a wholesale remaking of the place,
especially if that meant they were excluded.
Conclusion

This paper, in part, is about how the ACS may likely provide
inaccurate data with which to calculate the neighborhood poverty
rate, but how is this sorting of people and place political? That is,
what difference does it make that the neighborhood poverty rate is
likely about 50%? In order to respond to this enquiry we return to
Legg’s (2005) questions of what is being measured and, why the
measurements are being made, and how these data are used in
policy as tools that support forms of governmentality. Drawing
upon actual uses of census data is instructive of the variability in
which these data support lines of thought and action. Data
extracted from the lives of people in the neighborhood are analyzed
to create a statistical profile of the neighborhoodwhich is then used
by policy makers, bureaucrats, developers, and researchers to
construct narratives that justify modes of intervention. When these
statistics are inaccurate, residents have reduced power to formulate
alternative discourses, and interventions are inappropriate to their
needs. With accurate dataddata to which they can relate in terms
of their own lives and perceptionsdresidents could take part in
crafting a narrative that recognizes the neighborhood’s challenges
but also contextualizes the numbers and celebrates the neighbor-
hood’s strengths. Then there might be demands on the city and
nonprofits that are interpreted as appropriate lines of action that
support the life and vitality that already exists in the neighborhood.
Toward this end geographers are taking part in participatory
research with low-income residents who want to change their
neighborhood to strengthen their communities.
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